Variance risk premium
performs better when it includes the variance risk premium factor 
120 where P t is the level of the index at time t, L is the number of 30-min 121 intervals comprised in the interval (t, t + ). We work with variance 122 swap rates and realized variances in percent numbers.
123
For each month t and each maturity we compute the log vari- Driessen et al. (2009) and Vilkov (2008) show that the variance risk premium for stock indices are systematically larger, i.e., more negative, than for individual securities. They argue that the variance risk premium can in fact be interpreted as the price of time-varying correlation risk. Antón (2010) replicates their analysis using Eurostoxx50 and, contrary to the previous results, he reports individual variance risks different form zero.
5 This is consistent with the formal analysis contained in Egloff et al. (in press ) and Amengual (2009) . They show that two factors are needed to capture the term structure variation of the variance swap rates. The first factor might control the instantaneous change in the variance rate, while the second could represent the level to which the variance reverts. Jan-96 Jan-97 Jan-98 Jan-99 Jan-00 Jan-01 Jan-02 Jan-03 Jan-04 Jan-05 Jan-06 Jan-96 Jan-97 Jan-98 Jan-99 Jan-00 Jan-01 Jan-02 Jan-03 Jan-04 Jan-05 Jan-06 Jan-96 Jan-97 Jan-98 Jan-99 Jan-00 Jan-01 Jan-02 Jan-03 Jan-04 Jan-05 Jan-06 
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182
where R e j,t+1
is the excess return on asset j from t to t + 1. The alter-
183
native asset pricing models are generated by specifying different is the variance risk premium, i.e., the log-difference between t and t + on asset j, and = 1, 2, 3, 6 and 12 months.
207
This SDF specification is consistent with Brennan et al. (2004) , show that roughly 60% of the equity risk premium is due to fears 221 of rare events, while half of the variance risk premium is also due 222 to investor fears. Then, in the empirical estimation of Eq. (7), rather 223 than using directly the variance risk premium, it may be advis- 9 It is basically the Hansen-Jagannathan (1997) distance (HJ-distance) with the identity matrix as the weighting matrix. See Appendix A for a brief description of the estimation method and the calculation of the p-value for the test of overidentification restrictions.
estimate, in parentheses, we report the standard errors that are 
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C n s u m C n s t r S t e e l F a b P r M a c h n C a r s T r a n s U t i l s R t a i l F i n a n O t h e r with its p-value in parenthesis. The last column of the To understand the positive sign of the coefficient associated with the variance risk premium in the proposed SDF, it should be noted that if the variance risk premium increases and becomes positive, the marginal utility of wealth would decrease. One additional unit of wealth would then not be highly valued, because we would already be hedged by going long in the variance swap contract. Hence, the estimate associated with the variance risk premium should be positive, as it is the case in Table 2 . This table presents the Fama-MacBeth two-step cross-sectional estimation results for the one-factor (CAPM) and two-factor (ICAPM) capital asset pricing models using the variance risk premium as the hedging factor: R e jt
The test assets are the returns on the 25 FF portfolios plus 17 industry portfolios in excess of the T-bill rate. We report risk premium parameter estimates (ˆ ), standard errors under the Fama-MacBeth (FM) methodology in parenthesis, and the Shanken (SH) errors-in-variable-robust standard errors in brackets. The overall goodness of model fit is measured by the two following statistics: We could have also used the optimal GMM weighting matrix; that is, the variance-covariance matrix of pricing errors, instead of a pre-specified matrix. However, that choice would have precluded the comparison between the values of the objective function for different specifications of the SDF. To establish that comparison, we need to use the same weighting matrix for each SDF specification. On the other hand, we are also specifically interested in pricing the original portfolios, which is why we also emphasize the use of the identity as weighting matrix. In any case, the correlations among the pricing errors are taken into account when computing the standard errors of the parameter estimates, as shown in Appendix A. See Cochrane (2005) for a detailed discussion of these issues.
As an alternative way to compare the two model specifications, 
G Model
SRFE 3 1-11 B. Nieto et al / The Spanish Review of Financial Economics xxx (2011) xxx-xxx 7 -
VRP Betas Regular and Good States
C n s u m C n s t r S t e e l F a b P r M a c h n C a r s T r a n s U t i l s R t a i l F i n a n O t h e r its volatility should be high at the beginning of recessions and 296 low when expansion periods begin. Fig. 2 This table reports the overall market beta and the variance risk premium beta from a pooled OLS time-series regression under a two-regime specification defined by a given market return. The market return threshold is simultaneously estimated with the two regressions. The test assets are the 25 FF portfolios and 17 industry portfolios, with the returns in excess of the T-bill rate. The maximum likelihood estimate is the threshold level for which the least square estimates of the regressions for the good and bad regimes lead to the lowest aggregate residual sum of squares:
where u is the market return threshold, andˇm1,ˇvrp1, andˇm2,ˇvrp2 are the market and the variance risk premium betas for the regime with the market return above and below the threshold, respectively.
The results are presented in Table 3 . Columns 1-3 report the risk recessions.
389
13 As expected, under the linear specification, the sign of the coefficient associated with the variance risk premium is negative. The test assets are the 25 FF portfolios and 17 industry portfolios, with returns in excess of the T-bill rate. We report risk premia parameter estimates (ˆ ), standard errors under the Fama-MacBeth (FM) methodology in parenthesis, and the Shanken (SH) errors-in-variable-robust standard errors in brackets. The overall goodness of model fit is measured by two statistics: In order to investigate this issue, we allow for market and vari- 
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where u is the market return threshold, andˇm 1 ,ˇv rp1 , andˇm 2 , 402ˇv rp2 are the market and variance risk premium betas for the 403 regimes above and below the threshold, respectively.
404
The maximum likelihood estimate of the market return thresh-
405
old is −7.20%. This is an extreme return that splits the sample 406 into "good/regular" regime for the 95% of the sample, and a "very 407 low/very bad" regime that includes 5% of the sample. Given this par-408 tition, the results for the two-regime betas are reported in Table 4 .
409
The difference on the overall variance risk premium betas between 410 both regimes are striking. where W T is a weighting N × N matrix.
529
For estimation, we could use the optimal weighting matrix in Table 4 ).
536
The asymptotic variance-covariance matrix of the GMM esti- 
